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Abstract

Data analysis is critical for dealing with vast amount of data in healthcare industry. In previous medical studies relied on
the management of substantial quantity of hospital data rather than prediction. As the healthcare fields grows exponentially,
accurate medical data analysis becomes important for illness identification and patient treatment. When medical data is
inadequate, accuracy suffers. The data cleaning and imputation used to convert incomplete data into complete data to solve
the problem of missing medical data. Here the Nave Bayes and Decision Tree algorithms are used for working on predicting
bipolar disorder based on the dataset. Deployment of a unimodel disease risk prediction technique based on convolutional
neural networks. The CNN algorithm gives the prediction accuracy of higher than 95%. This system provides answers to
questions about diseases that people experience in their daily lives.
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I. INTRODUCTION

As the medical data contains guarded information, decision making becomes complicated. Machine
learning is crucial for discovering the hidden patterns in medical data and also for doing data analysis. Machine
learning is used in a most of fields to analyse the data, in banking, transportation, marketing and government
fields. Machine learning is a datamining the vast amounts of well-formatted data. Machine learning is used in
medicine for disease prediction, detection, and diagnosis. The main aim of these project is to detect Bipolar
disease sooner, which helps in earlier diagnosis and better treatment of Bipolar disease. In earlier years, medical
study on automatically extracted big amount of feature from structural data was conducted. Structured data,
unstructured data, and semi-structured data are the three forms of data found in the database. Structured data is
well-built data that includes valid patient records such as laboratory records, EHR’s and data that are collected
from medical tests results, among other things. The main motive for this is to deal with a large number of
Bipolar disease data and, as a result, to predict the risk of Bipolar disease.Data cleaning and imputation are
required when medical data isn't in the right format. Due to the poorly formatted data, illness prediction is
unable to be performed which might sometimes result in erroneous disease prediction. There is already
prognosis of disease based on symptoms. With the use of structured data, operating the naive bayes algorithm to
forecast sickness. execute operations on medical structured data in this paper. Deep learning concept like
convolutional neural network, that extracts feature from a big dataset automatically and gives the desired result.
For structured data, CNN was utilised to extract the essential feature values from the dataset and to make disease
predictions based on that dataset. The major goal of this research is to use structured data to predict Bipolar
disease as well as Bipolar disease risk.

Il. LITERATURE SURVEY

Health care has enormous data of information, processing of the data by different techniques,
processing of data is one in all techniques that are used in machine learning algorithms. By the machine learning
techniques, the prediction of the disease in the earlier stages. The dataset that are used are classified in terms of
medical field of attributes like input and output data. The dataset is used for predicting the output using python
programming. Now a days the people facing various diseases that are related to the person’s daily lifestyle and it
will be difficult to predict whether the person is in the initial or in the final stage.

By using the machine learning algorithms, it is easy to predict the disease. Bipolar disorder is classified
by occurrence of one manic or mixed manic episode during the lifetime of the person who is suffering the
bipolar. Bipolar is cyclic or periodic illness which patients will have different mood swing like manic or hyper
active and suddenly becomes low or depressed. Bipolar is the 6" leading cause of disability in the world among
15 and 44 age group people. By using machine learning we can decide whether the person is suffering from
bipolar 1 or bipolar 2 based on the dataset which has the attributes like face and body videos which are recorded
by the doctors while interacting with the patients. Machine learning provides various advanced methods to
diagnose bipolar at the initial level to achieve better clinical results.
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I11. PROPOSED METHODOLOGY
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Fig. 1 System architecture

In this project the trained dataset is used to predict the disease using machine learning algorithm it will take
steps feature selection and classification technique for testing data
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Fig. 2 Data flow diagram

In this diagram the first step is dataset analyse process using pandas library packages after analysis,
they need to do pre-processing technique for cleaning up the data and by the use of model selection concepts the
checking of the test data and train data for predicting the final result.
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IV. EXPERIMENTAL RESULTS:

Methods Dataset accuracy Review
SVM kernel classification of EEG power 76% SVM does not perform fast, when there is large
spectra dataset and noise in the data set also make
SVM work slow
Random forest VBM based 84% Due to the ensemble of decision trees, it

suffers interpretability and it is not able to
determine the significance of each variable

Linear regression 86% The assumption of linearity between dependent
and independent variables

CNN 95% Network implementation in large scale is much
easier with  CNN than with other neural
networks.
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Fig 3: Accuracy of different algorithm

Result snapshot:
The following snapshot defines the results or the output of the project after executing the project step by step
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Fig 4: Doctor entering bipolar patient details
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Fig 6: Accuracy graph

V. CONCLUSION
Here the CNN algorithm used for illness risk prediction using structured data in this research. The nave

bayes algorithm and the decision tree method to predict bipolar disease. The comparison of these two outcomes
of nave bayes and the decision tree algorithm, the nave bayes algorithm gives the 82% of the accuracy. With the
use of structured data, were able to predict the risk of the disease with an accuracy of about 95%. By inserting
the input as a accurate illness risk prediction as an output, By which understanding the level of disease risk
prediction. Bipolar disorder is classified as having a low or high or medium risk. Because of this machine
learning algorithms, the risk prediction of the disease is done in short period of time and in the low cost. In the
upcoming days this will add a greater number of diseases and predict the likelihood that a patient will develop a
given condition.
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